
1

Lecture

Computing Optical Flow

Horn&Schunck Optical Flow
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Horn&Schunck Optical Flow
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Interpretation of optical flow eq
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d=normal flow
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Horn&Schunck (contd)

variational calculus
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discrete version
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Algorithm-1
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•  Repeat until some error measure is satisfied
(converges)
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Derivative Masks
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Results

One iteration 10 iterations
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